Long-term exposure to air pollution has been associated with several adverse health effects including cardiovascular, respiratory diseases and cancers. However, underlying molecular alterations remain to be further investigated. The aim of this study is to investigate the effects of long-term exposure to air pollutants on (a) average DNA methylation at functional regions and, (b) individual differentially methylated CpG sites. An assumption is that omic measurements, including the methylome, are more sensitive to low doses than hard health outcomes.
Introduction
Ambient air pollution includes gaseous components such as nitrogen oxides, benzene, and sulfur dioxide as well as particulate matter. The latter consists of acids, organic chemicals, metals and soil or dust particles of varying aerodynamic diameters. Because of their small size, these particles can be inhaled deeply into the lungs and deposited in the alveoli. The smallest particles can penetrate the lung epithelium and reach the blood stream (Brook et al., 2010) . Exposure to air pollution is associated with adverse health outcomes including cardiovascular and respiratory diseases (Brook et al., 2010; Nawrot et al., 2011) . There is increasing evidence that toxic substances in ambient air at levels that are at or below the current limits in the European Union may increase the risk of lung cancer. Analyses of large European cohorts showed that a 10 μg/m 3 increase in PM 10 was associated with a 22% (95% confidence interval [CI] : 3 to 45%) greater risk for lung cancer, while a 5 μg/m 3 increase in PM 2.5 was associated with an 18% (95% CI: − 4 to 46%) increased risk . However, the potential modes of action of air pollutants are not well understood. Also, hard health outcomes such as cancer or cardiovascular diseases may not be sensitive enough (or require very large cohorts) to demonstrate low-dose effects. Previous research suggests that inflammation, oxidative damage, and mitochondrial dysfunction (Demetriou et al., 2012; Mostafavi et al., 2015; Pettit et al., 2012) may be the underlying mechanisms leading from exposure to air pollution to health outcomes. Global DNA hypomethylation induces genomic instability, for instance through chromatin structure modelling (You and Jones, 2012) , loss of imprinting, and increased activation of oncogenes (Feinberg and Tycko, 2004) . Epigenetic studies report an inverse association between global methylation and long-term exposure to ambient air pollution (Baccarelli et al., 2009; De Prins et al., 2013; Janssen et al., 2013; Sanchez-Guerra et al., 2015; Tao et al., 2014) , especially affecting 5-hydroxymethylcytosine methylation (Sanchez-Guerra et al., 2015) . However, analyses of global methylation in these studies were based on the investigation of LINE-1 or Alu regions, or by means of HPLC, ELISA, LUMA or LC-MS, and analyses of functional regions in the genome have not yet been performed in relation to long-term exposure to air pollution.
Methylation levels at specific loci in genes including tissue factor F3, interferon gamma (IFN-γ), interleukin 6 (IL-6), toll-like receptor 2 (TLR-2), intercellular adhesion molecule 1 (ICAM-1), ten-eleven translocation (TET1) have been reported to be affected by exposure to air pollution (Bind et al., 2015; Bind et al., 2014; Lepeule et al., 2014; Somineni et al., 2015) . Recent studies using Illumina Infinium Human Methylation 450 K technology (a) identified CpG sites whose methylation levels were affected by short and mid-term exposure to particulate matter (Panni et al., 2016) ; (b) investigated the association between long-term ambient air pollution exposure and DNA methylation (candidate sites and global) in monocytes of adults (Chi et al., 2016) ; (c) identified differential offspring DNA methylation in mitochondriarelated genes in association with NO 2 exposure during pregnancy (Gruzieva et al., 2016) . Also, long-term exposure to air pollution has been found associated with epigenetic aging measures (Ward-Caviness et al., 2016) .
Using data from the Italian and Dutch components of the European Prospective Investigation into Cancer and Nutrition cohort study (EPIC), we investigate if differences in global DNA methylation or DNA methylation at certain functional regions could be induced by long-term exposure to air pollutants and could be used as a marker of low-dose effects. In addition, we adopt an epigenome-wide association study (EpWAS) approach to identify possible CpG sites whose methylation levels are affected by long-term exposure to air pollution. Using an independent population in which DNA methylation profiles and gene expression are available in the same participants (N = 613), we linked full-resolution gene expression levels data and methylation levels at exposure-related CpG sites to potentially characterise the functional consequences of these methylation alterations.
Methods
We first assessed the association between ambient air pollution estimates and global DNA methylation including functional regions in the two EPIC cohorts. In the second part of the manuscript, we performed an epigenome-wide association study. Finally, we investigated the transcripts associated with air pollution CpGs in the EnviroGenoMarkers study.
Study populations
EPIC is a multi-centre prospective cohort based on healthy, middleaged subjects who agreed, following an active invitation, to participate in the study and to have their health status followed up for the rest of their lives. The present study included participants from two large population-based cohorts: the Italian and Dutch components of the EPIC study N = 47, , N = 33,066); (Beulens et al., 2010; Palli et al., 2003 ).
-The Italian samples originate from two case-control studies on breast cancer (N = 231) (van Veldhoven et al., 2015) and colorectal cancer (N = 304), from two EPIC -Italy centres: Varese and Turin. -The Dutch samples originate from a longitudinal study on weight change in healthy women nested within EPIC-NL (N = 170).
The rationale and design of the EPIC study have been described elsewhere (Riboli and Kaaks, 1997) . The EPIC study protocol was approved by the ethical review boards of the International Agency for Research and Cancer (IARC) and by the local participating centres. For all participants, anthropometric measurements and lifestyle variables were collected at recruitment (1993-1998) through standardized questionnaires, together with a blood sample. The Italian cancer cases were diagnosed with colon or breast cancer > 1 year after recruitment, and were healthy at the time of sampling.
Air pollution exposure assessment
Following the ESCAPE protocol Eeftens et al., 2012) addresses of the participants have been geocoded and air pollution concentrations at the baseline residential addresses of study participants were estimated by land-use regression models in a threestep, standardized procedure. First, particulate matter with an aerodynamic diameter of < 10 μm (PM 10 ), particulate matter with aerodynamic diameter of < 2.5 μm (PM 2.5 ), PM 2.5 absorbance (PM 2.5abs ) determined by measurement of light reflectance (a marker for soot and black carbon), nitrogen oxides (NO x ), and nitrogen dioxide (NO 2 ) were measured in different seasons at residential locations for each cohort between October 2008, and April 2011 Eeftens et al., 2012) . PM coarse was calculated as the difference between PM 10 and PM 2.5 (i.e., PM with diameter 2.5-10 μm). In Varese, only NO 2 and NO x were available. Second, land-use regression models were developed for each pollutant in each study area, with the yearly mean concentration as the dependent variable and an extensive list of geographical attributes as possible predictors Eeftens et al., 2012) . Generally, predictors for PM 10 , PM 2.5 , NO x , and NO 2 were related to traffic and population density. Variables related to industry, proximity to a port, and altitude were also predictors in some models. The models generally explained a large fraction of measured spatial variation, the R 2 from leave-one-out cross-validation usually falling between 0.60 and 0.80. Finally, the models were used to assess exposure at the baseline address of each cohort member. Details on this procedure can be found on the website http://www.escapeproject.eu/ manuals/. In EPIC-NL and the Turin component of EPIC Italy PM 10 , PM coarse , PM 2.5 , PM 2.5 absorbance , NO x and NO 2 are available. In the Varese component of EPIC-Italy only NO x and NO 2 are available. Air pollution measurements were performed in 2008-2011, > 10 years after enrolment. We therefore extrapolated air pollution concentrations predicted by the land use regression models back to the time of enrolment using the absolute difference and the ratio between the two periods, based on data from routine background monitoring network site(s). For each study participant's home address, the back extrapolated concentration was obtained by either multiplying the modelled ESCAPE annual mean concentration with the ratio between average annual concentrations as derived from the routine monitoring site(s) for baseline and for the ESCAPE measurement period time or by adding to the modelled ESCAPE annual mean concentration the difference between the baseline and the ESCAPE measurement period time. The needed routine measurement data for back-extrapolation were only available for NO 2 and NO x in EPIC-Italy and for NO 2 , NO x , PM 10 and PM 2.5 absorbance in EPIC-NL. Details about the back-extrapolation method can be found on the following website http://www.escapeproject.eu/manuals/Procedure_for_extrapolation_ back_in_time.pdf.
Epigenome-wide DNA methylation
Epigenome-wide DNA methylation profiles were obtained using the Illumina Infinium® HumanMethylation450 BeadChip. Epigenome-wide DNA methylation analyses were performed on samples using the Illumina Infinium HumanMethylation450 platform. Laboratory procedures were carried out according to manufacturers' protocols at the Human Genetics Foundation (Turin, Italy) and at ServiceXS BV (Leiden, The Netherlands) for the Italian and Dutch samples respectively. Buffy coats (leukocytes) stored in liquid nitrogen were thawed, and genomic DNA was extracted using the QIAGEN QIAsymphony DNA Midi Kit. DNA (500 ng) was bisulphite-converted using the Zymo Research EZ-96 DNA Methylation-Gold™ Kit, and hybridised to Illumina Infinium Human Methylation450K BeadChips. These were subsequently scanned using the Illumina HiScanSQ system, and sample quality was assessed using control probes present on the micro-arrays. Finally, raw intensity data were exported from Illumina GenomeStudio (version 2011.1). Data pre-processing was carried out using in-house software written for the R statistical computing environment. For each sample and each probe, measurements were set to missing if obtained by averaging intensities over less than three beads, or if averaged intensities were below detection thresholds estimated from negative control probes. Background subtraction and dye bias correction (for probes using the Infinium II design) were also performed. The probes targeting autosomal CpG loci (number of sex chromosomes = 11,648) were selected for further analyses. In these lists probes targeting non-specific CpGs (N = 40,590) were removed (Price et al., 2013) . Probes detected in < 20% of the samples were excluded from the analyses leaving us with N = 398,372 and 339,810 for Italy and the Netherlands respectively for the analyses. Methylation levels at each CpG locus were expressed as the ratios of intensities arising from methylated CpGs over those arising from the sum of methylated and unmethylated CpGs (Beta values). The data was trimmed for outliers defined by > 3 interquartile ranges below the first quartile or above the fourth quartile.
Gene expression
Both blood-derived methylation (using the same Illumina 450 K technology) and genome-wide gene expression profiles (Agilent 4 × 44 K human whole genome microarray platform) were available in N = 613 participants from the EnviroGenomarkers study, which is described elsewhere (www.envirogenomarkers.net) (Georgiadis et al., 2016) . Briefly, this study combines subjects from EPIC-ITALY (EPICTurin, EPIC-Florence, EPIC-Naples, EPIC-Varese, EPIC-Ragusa), which are different from the EPIC-Italy samples used for the air pollution EpWAS, and subjects from the Northern Sweden Health and Disease Study (NSHDS) (Bingham and Riboli, 2004; Hallmans et al., 2003) . Both studies used population-based recruitment with standardized lifestyle and personal history questionnaires, anthropometric data and blood samples collected at recruitment (1993 -1998 1990 -2006 . The EnviroGenomarkers project and its associated studies and protocols were approved by the Regional Ethical Review Board of the Umea Division of Medical Research, as regards the Swedish cohort, and the Health Unit Local Ethical Committee, as regards the Italian cohort, and all participants gave written informed consent.
Statistical analyses 2.5.1. DNA methylation
After removing subjects that failed quality control for the DNA methylation arrays (N = 5 for EPIC-Italy and N = 11 for EPIC-NL) and those with missing values on air pollution estimates or confounders (N = 15 covariates and 61 air pollution for EPIC-Italy), 454 and 159 subjects were included in the analyses for EPIC-Italy and EPIC-NL, respectively.
Because of the strong air pollution contrast between Italy and the Netherlands, with lower air pollution estimates in the Netherlands not overlapping with those of Italy (Fig. S1 ), pooling data from both countries would hamper the possibility to disentangle country-specific from exposure effects, and would therefore penalize our results interpretability. For that reason, we meta-analysed the 2 EPIC cohorts and also adopted a stratified approach by showing the results of the two datasets separately. We considered three ways to define individual methylation profiles in concordance with a method described in a previous study (van Veldhoven et al., 2015) : (i) global methylation, as measured by the arithmetic mean of beta-values across all somatic probes (N = 337,779) that were retained after quality control checks both in EPIC Italy and EPIC NL, (ii) methylation of seven categories of CpG sites: physical characteristics (CpG islands, shelves, shores, or other) and functional characteristics (promoter, gene body or intergenic), and (iii) EpWAS: methylation fraction at each of the CpG sites assayed that passed quality control (N = 398,372 and 339,810 for Italy and the Netherlands). Irrespective of the DNA methylation metric, we investigated potential differences in relation to exposure to long-term air pollution estimates in EPIC-Italy and EPIC-NL.
As already proposed , DNA methylation levels were modelled as dependent variable in a generalized linear model with beta-distributed response using the parameterization of Ferrari and Cribari-Neto (2004) . The β value (0-1 scale) represents the difference in methylation percentage for every unit (μg/m 3 ) increase of air pollutant. To account for residual technical confounding, all models were adjusted for the position of the sample on the micro-array. Adjustment covariates included age at blood collection (continuous), smoking status (never, former, current), and sex; except for EPIC-NL which has only females and never and former smokers. In EPIC-Italy, models were also adjusted for the eventual prospective cancer diagnosis later in life (breast or colon cancer). All analyses were adjusted for blood cell composition estimated using an established de-convolution approach . We employed a cross-phenotype meta-analysis approach (CPMA) (Cotsapas et al., 2011) based on the associations between global and regional methylation and air pollution and we used fixed effects models with inverse-variance weighting for individual CpG sites. In the latter, multiple testing was corrected for by using a stringent Bonferroni correction (ensuring a control of the family wise error rate below 0.05 in the epigenome-wide analyses significance level = 1.1e −7). For completeness, we report CpG sites that are significant after FDR-correction (< 0.20).
Targeted integration of gene expression data, pathway analyses
We used linear regressions models relating all assayed transcripts (N = 29,662) to the methylation levels in a subset of CpG sites found to be associated with air pollution in at least one cohort. As already reported, we used a linear model approach to account for technical variation during the acquisition of gene expression and methylation profiles. Specifically, we ran a linear model setting the dates of the main experimental steps: RNA isolation, labelling, and hybridization, for gene expression data and array and position on array for methylation data. Removing from the observed values of gene expression and methylation levels the estimates of the random effects we obtained 'technically de-noised' profiles which were subsequently used in the linear models for targeted integration. CpG-transcript pairs were considered significant based on Bonferroni 5% significance level (per-test significance level α′ = 0.05 / (N × 29,662), where N denotes the number of CpG sites under investigation. Genes whose expression level was found involved in any CpG-transcript pairs were uploaded into an online overrepresentation analysis tool, DAVID 6.7 (https://david.ncifcrf.gov), to identify enriched pathways. Pathways with Bonferroni p-value smaller than 0.001 and fold change bigger than 1.5 were considered significant (Huang da et al., 2009) . We additionally performed the same pathways analyses using genes expressed in human peripheral blood leukocyte (Palmer et al., 2006) as background.
Results
Population characteristics and air pollution estimates are reported in Tables 1, A.1 and Fig. A.1 . Across all air pollution estimates, levels in Italy were much higher than those in the Netherlands, with limited overlap. The EPIC-NL study only consisted of female nonsmokers. Characteristics of the excluded subjects with missing values are compared with the study population in Supplementary Table A.2.
Global methylation
We observed inverse associations between NO 2 levels and global methylation on somatic chromosomes in EPIC-Italy (β = − 0.00007; SE = 0.00003; p-value = 0.014), in EPIC-NL (β = − 0.00388; SE = 0.00133; p-value = 0.031); and from the meta-analyses of the results of both cohorts (CPMA p-value = 0.014; Table 2 ). In association to NO x , we observed a significant difference of − 0.01% in methylation for every unit (μg/m 3 ) increase in NO X exposure in EPIC-Italy and a trend for lower methylation in the meta-analysis (CPMA pvalue = 0.089).
A meta-analysis on exposure to NO 2 identified statistically significant average hypomethylation associated to NO 2 in all genetic and functional regions except for CpG-islands (CPMA p-values ranging from 0.010 to 0.029). Meta-analysing results from both studies, we found consistent average hypomethylation across shelves, shores, other nonCpG-island related regions and gene bodies (CPMA p-values ranging from 0.019 to 0.045) in relation to environmental exposure to NO x . These associations were also detected in stratified analyses by cohort, but were weaker in EPIC-NL. We conducted meta-analyses for exposures to PM which did not result in any statistically significant finding. In EPIC-Italy, exposures to PM 10 and PM coarse were found significantly associated with hypermethylation on the promoter region of genes (PM 10 : β = 0.0005; SE = 0.0002; p-value = 0.032; PM coarse : β = 0.0007; SE = 0.0003; p-value = 0.035).
For the available back-extrapolated data, we found a significant or borderline significance global hypomethylation on somatic chromosomes in relation to exposure to NO 2 and NO x in both countries and with the two back-extrapolation methods (Supplemental Table A .3 and A.4). As previously observed, almost all functional regions except CpG islands were hypomethylated and the associations were weaker in EPIC-NL. Back-extrapolated data for particulate matter were only available in EPIC-NL (PM 10 and PM 2.5 absorbance). As previously observed, no significant associations were seen for PM 2.5 absorbance but a significant or borderline significance hypermethylation was seen for PM 10 on somatic chromosomes and functional regions except CpG islands, shores and promoters (contrary to previously).
Sensitivity analyses excluding the subjects that developed cancer later in life were conducted, and provided similar results for NO x exposure. Although the direction of the association remained the same, we observed weaker, non-significant associations for NO 2 (Supplemental Table A .5). Sensitivity analyses not correcting for cancer case status provided similar results, though with stronger associations for NO 2 (Table A.6.).
Epigenome-wide analyses
The meta-analyses of EPIC-NL and EPIC-Italy showed that no individual CpG sites were significantly associated to the air pollution components and indicated high heterogeneity between the site-specific methylation levels (Table A.7) .
By stratifying site-specific methylation differences by study, the analyses of NO 2 (Table 3, Table A .8) revealed 12 significant associations in EPIC-Italy (Fig. A.3 ) and none in EPIC-NL (Fig. A.4) . Of the 12 significant CpG sites in EPIC-Italy, the vast majority (11 CpG sites) showed hypomethylation. The epigenome-wide association study of NO x identified 1 and 6 differentially methylated CpG in EPIC-Italy and EPIC-NL, respectively (Table 3, Table A .8). Of the differentially methylated sites found in EPIC-NL, 5 CpG sites were hypomethylated.
In EPIC-Italy, we identified only 1 differentially methylated CpG site in relation to PM 2.5 (Table 4, Table A.8) but no significant CpG sites with the other PM metrics. More associations were found in EPIC-NL, where we identified 4, 9, and 7 differentially methylated CpG loci, for PM 10, PM 2.5 , and PM 2.5abs respectively (Table 4; Table A.8). Among those, 2 CpG sites were found associated with the 3 exposures with the same direction: cg17629796 (hypomethylated) and cg03513315 (hypermethylated). Four additional CpG sites overlapped for PM 2.5 and PM 2.5abs : cg07084345 and cg00005622 (hypomethylated), cg04319606 and cg09568355 (hypermethylated). The use of back-extrapolated exposure estimates affected the associations only marginally, however CpG cg03513315 and cg17629796 were no longer significantly associated with PM 10 in EPIC-NL (Tables A.9, A.10).
In total, we identified 32 unique CpG sites differentially methylated at an epigenome-wide level with at least one of the 5 air pollution components in at least 1 cohort. Of these, 21 CpG sites were annotated. FDR significant CpG sites with an adjusted p-value of maximum 0.2 are presented in Table A .11 and A.11 for respectively EPIC-Italy and EPIC-NL.
Concerning the cancer cases in the EPIC-Italy we performed 2 sensitivity analyses: i) when excluding the subjects that developed cancer later in life, all identified CpG sites remained nominally significant (p < 0.05), 12 being Bonferroni significant (p < 0.05/ 14 = 3.75e − 03) except for cg22856765 (p = 0.0575) (Table A.13); ii) when not correcting for cancer case status, all associations remained significant (p < 3.75e− 06) (Table A.14).
Investigation of the CpG-transcript pairs
To study the association between the 21 exposure-related and annotated CpG sites (Tables 3 and 4 ) and transcriptomic profiles, we assessed the association of the 21 × 29,662 = 622,902 CpG-transcript pairs in the EnviroGenoMarkers study. We identified 2135 significant CpG-transcript pairs, corresponding to 620 unique genes, that were associated to CpG sites related to NO 2 , 598 genes for NO x related CpGs, 41 for PM 10 , 174 for PM 2.5 and 173 unique genes for PM 2.5abs . The number of positive and inverse associations is shown is Table A.15. Gene enrichment analyses using the default background (all genes expressed in Homo sapiens) and based on these sets of transcripts identified significantly enriched pathways (setting the EASE score below 0.01 and the minimal number of genes per group to 5) as summarised in Table 5 . We found 5 enriched pathways for NO 2 and 9 for NO x mainly relating to the immune system and its regulation. No significant enriched pathway was found for the particulate matter exposures. Changing the background list of genes to those found expressed in leukocytes from human peripheral blood (Palmer et al., 2006) , we found no significant enriched pathway after correction for multiple testing. However, several nominally significant pathways were found: 26, 42, 5, and 4 for NO 2, NO x , PM 2.5 and PM 2.5abs respectively (Table A.16 ). Several of the pathways found for NO 2 and NO x relate to the immune system and its regulation. 
Discussion
By affecting the epigenome and downstream processes, DNA methylation has the ability to biologically mediate the effect of environmental exposures. The main finding of this study was that lower DNA methylation levels in several functional regions on the genome including CpG island's shores and shelves and gene bodies were associated with exposure to higher ambient outdoor concentrations of NO 2 and NO x .
In EPIC-Italy, global hypomethylation was found associated with higher annual averages of NO 2 and NO x . The association with NO x did not reach statistical significance in EPIC-NL, which could be attributed to a lower statistical power, to the overall lower exposure levels observed in the Netherlands, or to other population differences between the 2 cohorts. Future studies should further investigate whether the methylome is actually sensitive to low levels of exposure. Reduced global DNA methylation in blood quantified by high-performance liquid chromatography has been previously reported after mid-term exposure of 60 days to ambient NO 2 (De Prins et al., 2013) , while a study with annual NO x exposures did not find this association investigating Alu and LINE repeats (Chi et al., 2016) . Since a hallmark of cancer is genome instability (Hanahan and Weinberg, 2011) , lower DNA methylation resulting from exposure to NO 2 and NO x could enable the development of cancers. This hypothesis is reinforced in a recent metaanalysis showing evidence for a relationship between NO 2 , as a proxy for traffic-related air pollution, and lung cancer (Hamra et al., 2015) . Indeed, global DNA hypomethylation has been suggested to play an important role in environment-related cancers (Cao, 2015; Koestler et al., 2012; van Veldhoven et al., 2015) .
Our study investigated epigenome-wide DNA methylation and long- CpGs sites that are significant after correction for multiple testing are shown (Bonferroni p-value: 1.1e− 7). The number of subjects in the analyses in EPIC-Italy is 297. β value (0-1 scale) represents the difference in methylation for every unit (μg/m 3 ) increase of air pollutant. TSS = transcription start site, UTR = untranslated region. Column headers: Gene = UCSC annotated gene; CHR = chromosome and Chromosomal position; localisation on Gene = UCSC gene region feature category; Localisation on CGI = UCSC relation to CpG islands; β = regression coefficient; SE = standard error for regression coefficient. term air pollution using the Illumina 450 K technology, which enabled us to study the overall methylation across the main functional genomic regions. In subjects exposed to higher levels of NO 2 and NO x , we observed lower methylation levels in CpG island's shores and shelves and gene bodies, however not in CpG-islands. CpG island's shores are defined as the 2 kb of sequences flanking a CpG island; they have been reported to be more dynamic than the island itself (Bibikova et al., 2011; Irizarry et al., 2009) and are thought to have a functional role in the regulation of gene expression (Tao et al., 2014; Vanderkraats et al., 2013) . Flanking the shores, shelves are defined as the neighbouring 2 kb genomic regions. In the assembly of shores and shelves there are various levels of stability corresponding to different levels of control on gene expression (Edgar et al., 2014) . Although the method we used to determine global methylation averages the results of a high-resolution epigenome-wide array, we find a stable signal in shore and shelve regions. Describing the molecular pathways leading to global or regional hypo-or hypermethylation is speculative since the process has not been completely elucidated yet. However, a central role for reactive oxygen species has been put forward (Wu and Ni, 2015) . Cancer-associated DNA hypomethylation as well as hypermethylation occur, and these two types of epigenetic abnormalities usually seem to affect different DNA regions (Ehrlich, 2002) . In this study, we also found a positive association (hypermethylation) between DNA methylation on promoter regions and PM 10 and PM coarse exposures. Other studies reported an inverse association between the global methylome (Alu repeats) and short time PM-exposure (Bellavia et al., 2013) . We only found this association in the Italian cohort, possibly because of its higher exposure levels or larger size. At the gene-specific level, increased DNA methylation of tumour suppressor genes has been reported in carcinogenesis (Feinberg and Tycko, 2004 ) and particulate matter is classified by IARC as a group 1 carcinogen (Loomis et al., 2014) . Further studies will be needed to confirm whether tumour suppressor genes drive the effects of higher methylation in relation to particulate matter exposure.
Based on the cohort-specific EpWASes, we identified several novel single CpG sites not previously associated to air pollution. For example, the CpG site cg03513315 located on the PES1 gene (Pescadillo Ribosomal Biogenesis Factor) was positively associated to PM 10 , PM 2.5 and PM 2.5abs in EPIC-NL. This gene seems to play a role in breast cancer proliferation and tumorigenesis. Also, the CpG cg18351711 located on the promoter region of the gene ODZ3 also known as Teneurin Transmembrane Protein 3 (TENM3) was inversely associated to NO x in EPIC-NL and is involved in regulation of neuronal development. Using meta-analyses to combine the epigenome-wide findings in EPIC-Italy and EPIC-NL did not provide evidence of robust associations between epigenome-wide methylation and air pollution components. Since several CpG loci were associated with NO 2 , NO x , PM 2.5, PM 10 and PM 2.5abs exposures in EPIC-Italy or EPIC-NL, we attempted to further generalize these study-specific results from EPIC-Italy and EPIC-NL to other studies, including the German KORA F3, F4 studies (Holle et al., 2005; Wichmann et al., 2005) and the Spanish REGICOR study (Grau et al., 2007) . Of the CpG sites we found differentially methylated in relation to exposure in either EPIC-Italy or EPIC-NL, none reached statistical significance either by a replication approach (taking into account multiple testing) in either KORA or REGICOR, or when performing a meta-analysis combining all the cohorts (Appendix p3, Table  A. 3). A translation of the CpGs associated with at least one of the exposures in at least one of the cohorts to the transcriptomic level resulted in significant pathways for NO X and NO 2 exposure mainly in the immune system. One important mechanism of air pollution induced health effects is the induction of a persistent inflammatory state mediated by the immune system (Patel et al., 2013) . A study in older men of the Normative Aging study used a targeted approach to show that exposure to particles is associated to the methylation state of inflammatory genes (Bind et al., 2015) .
A study on short-term to mid-term exposure to PM 2.5 including KORA F3 and F4 meta-analysed data from 450 K human methylation Infinium arrays in 3 cohorts and did identify several significant CpG sites (Panni et al., 2016) , as did a study in cord blood that meta-analysed 4 cohorts (Gruzieva et al., 2016) . Possible explanations for the negative (not replicated) results of our epigenome-wide analyses of long-term exposure can involve (i) differences in the study populations; however, sensitivity analyses stratifying for sex or smoking status in our studies did not result in more replication (results not shown); (ii) differences in exposure levels, with Italy being the highest exposed cohort, the Netherlands having a narrow exposure range, and with only minor overlap between the 2 cohorts; (iii) air pollution being a mixture of pollutants which may have multiple and synergistic effects. In the case of PM, either the compounds absorbed to the particles can cause damage or the particles themselves can cause inflammatory reactions (Gong et al., 2014) . Hence, the complexity of toxicological pathways involved could be related to exposure levels, and at an epigenome-wide level this might be an important reason why we observe study-specific results. Using single probe analyses to identify strong replicable signals for a complex exposure such as long-term air pollution should be addressed in larger populations.
Despite the large number of tests performed in epigenome-wide association studies, previous studies have been able to find and replicate strong exposure-triggered signals, for instance in relation to smoking (Guida et al., 2015; Zhang et al., 2014) . Air pollution occurs at levels that are much lower than other exposures such as smoking and this can explain differences in the magnitude of health effects or the molecular changes underlying them.
Future studies can explore the epigenome-wide signals of exposure to long-term air pollution in the general population by either pooling the results of several cohorts with well-matched laboratory conditions and accurate air pollution exposure models or by performing larger meta-analyses including several studies. These additional analyses should also include non-linear models to account for possible complex dose-response relationship.
Our study has specific strengths and limitations. We used GIS (Geographical Information System) and land use regression modelling based on actual measurements in the designated study areas combined with predictor variables for nearby traffic intensity, population/ household density and land use models, which have been generated and validated in the ESCAPE study Eeftens et al., 2012) . Several studies have shown that the spatial distribution of air pollution is stable over 10-years periods Gulliver et al., 2011) and can be applied successfully to estimate air pollution concentrations several years forwards or backwards in time. Although the absolute level of exposure to air pollution has generally decreased over time, measured and predicted NO 2 values from LUR models, from samples collected > 10 years apart, had good agreement and showed spatial stability . Also in this study, we observed associations with global and regional methylation both when exposure was assessed at the historical home address (with data on air pollution dating from > 15 years later than the population sampling), and with back-extrapolated estimates. Since we have methylation information only at a single time point, we cannot describe the effect of exposure to air pollutants over time. For regional methylation, we did not correct for multiple testing as we only look at the results of these analyses marginally and never compare them or either conclude on the joint associations. Nevertheless, all of the associations would survive correction for 5 tests which correspond to the effective number of tests performed among the 7 actual tests.
Due to the nested case-control design of this study population cancer cases have been included in EPIC-Italy. These individuals were diagnosed with colon or breast cancer > 1 year after recruitment. However, these cancers are not known to be related to air pollution. In order to account for potential bias, we corrected for disease status in our models and performed sensitivity analyses by restricting the study population to healthy controls and by not adjusting for the cancer case status. In these analyses the sign and estimates of the effect sizes were consistent, and most of the relevant associations were found nominally significant.
Conclusions
In our study, lower DNA methylation levels in CpG island's shores and shelves and gene bodies in adults were associated with exposure to higher ambient outdoor concentrations of NO 2 and NO x . These differences in methylation may point to a mechanism underlying the association between air pollution and health outcomes. Our results may indicate a specific response to low dose exposure which should be further studied to test whether the methylome can be used as a lowdose marker. Exposure to air pollutants, however, was not associated with differential DNA methylation in single probes in the combined analyses of the two cohorts. 
